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ABSTRACT
Can subsidies promote Pareto-optimum coordination? We found that partially subsidizing the cooperative actions for two out of six players in
a laboratory coordination game usually produced better coordination and higher total social welfare with both deterministic and stochastic
payoffs. Not only were the subsidized players more likely to cooperate (choose the Pareto-optimum action), but the unsubsidized players
increased their expectations on how likely others would cooperate, and they cooperated more frequently themselves. After removal of the
subsidy, high levels of coordination continued in most groups with stochastic payoffs but declined in deterministic ones. This carry-over
disparity between the deterministic and stochastic settings was consistent with the economic theories that agents were more likely to keep
the status quo option under uncertainty than without uncertainty. Hence, players with stochastic payoffs were more likely to keep the high
coordination level (status quo) brought by the subsidy in the previous subsidy session. A post-game survey also indicated that with stochastic
payoffs, players focused on risk reduction. Temporary subsidies promoted lasting coordination because even after subsidy was removed,
players still assumed that others players would prefer reduced risks from cooperation. With deterministic payoffs, however, the subsidy might
crowd out other rationales for coordination, with many players indicating that the subsidy was the only reason for anyone to cooperate. Hence,
the coordination level dropped when the subsidy was removed. Copyright © 2014 John Wiley & Sons, Ltd.
Additional supporting information may be found in the online version of this article at the publisher’s web-site.
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INTRODUCTION
Social actions are often interdependent. In many situations,
including interactive games or social networks, people often
form expectations on what others will do and reinforce each
other’s decision on the basis of past experience. Social psychology research on social interactions dates back to social exchange
theory, which suggests that social change and stability are a
process of negotiated exchanges, and human relationships are
guided by cost–beneﬁt analysis and alternative comparison
(Kelley & Thibaut, 1978; Thibaut & Kelley, 1959).
The majority of research on social interaction games has
focused on social dilemmas in which individual and collective
interests usually conﬂict with each other. In the current study,
we investigate a different kind of social interaction than the
well-studied social dilemma games, namely coordination
games. Unlike social dilemmas, in a coordination problem,
people can realize mutual gains but only by making mutually
consistent decisions. That is, there are solutions in which individual and collective interests are aligned. A classic coordination game is to the decision on which side of the road to drive.
Many coordination problems have multiple equilibria. For
example, the left side or right side of the road can be two
equilibria that work equally well as long as all drivers choose
the same side. Sometimes, the equilibria are Pareto-ranked with
one being better than the others. An example of a Pareto-ranked
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coordination game is the interdependency among airlines with
respect to baggage security (Kunreuther & Heal, 2003). Airline
companies have to choose whether to invest in baggage security
screening equipment. Such an investment reduces the risk of
bombs in bags checked on their own airline, but each company
still faces indirect risks of unsafe bags transferred from other
airlines that did not invest in the screening equipment. The
Pareto-optimal Nash equilibrium (NE) is that all airlines invest
in security systems. An inferior NE is that no airline invests,
because each believes that the indirect risk from unsafe
airlines is so high that the beneﬁts from investing in protection
are less than the costs. Kunreuther and Heal (2003) referred to
this risk interdependency as the interdependent security game.
Other instances of interdependent security include wildﬁre
protection decisions (Shafran, 2008), computer network security
updates (Kearns, 2005), and the failure of divisions in ﬁnancial
organizations to control risk (Kunreuther, 2009; Kunreuther
& Heal, 2005).
Another real-world coordination example is the garbage
disposal decisions faced daily by households in some communities in China. Often 20–30 households share a garbage bin
near their apartment building. However, some households leave
their garbage outside the bin. This behavior may affect others in
at least three ways. First, as garbage left outside accumulates,
others must wade through it in order to dump their own garbage
inside the bin; this imposes an extra cost. Second, the behavior
signals that littering is acceptable in this community, thus reducing the psychological inﬂuence of a social norm for public cleanliness. Third, the goal of public cleanliness, even if still valued
by some, may seem unattainable so that it is not worth exerting
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effort to try and meet it. The resulting NE is the situation where
everyone leaves their garbage outside. Whereas most people
prefer the NE in which everyone places their garbage inside
the bin, with a cleaner environment at slightly additional cost,
the inferior NE of littering outside the bin is so common in
China that during the 2008 Beijing Olympic season, one of the
public slogans the government circulated was “Learn to be
Civilized and Dump your Garbage in the Bin.”
Note the difference between the garbage bin and the airline
security examples. Airline security investment is a coordination
game in a stochastic setting: Outcomes depend not only on the
degree of cooperation (how many airlines invest in protection)
but also on low-probability high-impact moves by “nature”
(terrorist attacks). The garbage disposal coordination involves
deterministic outcomes, which depend only on the degree of coordination, that is, the number of households who leave garbage
outside the bin. Other deterministic examples with Pareto-ranked
equilibria include hiring private tutors for one’s children for
them to achieve better grades than others in their class or using
commercial software instead of open source software.
Because of the existence of multiple equilibria in coordination games, solving a coordination problem is often an empirical question that has no theoretical solution. Which
equilibrium to reach depends on each individual’s expectation on what actions other individuals will take. For example,
if an individual predicts that others will choose the Paretooptimal action, then a rational individual will choose that
action too, because it has the best interest both individually
and collectively. Thus the system will reach the Pareto-optimal
equilibrium. Communicating with each other is one way to
achieve such an equilibrium.
Often we face situations where coordination problems have
to be solved without the ability to pass one’s intention to each
other. In those circumstances, some equilibria are often reached
because they have greater natural salience and/or are more
consistent with rules or social norms. For example, Schelling
(1960) asked people if they are one of two individuals trying
to meet each other in New York without communicating,
where they will meet. Any location is a good equilibrium, as
long as both individuals choose the same place. With the
numerous equilibrium locations in New York, most people
choose the Grand Central Station, because it provides a “focal
point for each person’s expectation of what the other expects
him to expect to be expected to do” (Schelling, 1960, p. 57).
Not all coordination problems have a natural focal point as
in the preceding example. Empirically, it has always been a
challenge to predict which equilibrium a system will reach
or to intervene so that the preferable equilibrium is more likely
to be reached. Previous research has tested various ways to
encourage coordination, such as developing rules and social
norms (Goeree & Holt, 2002), lowering the attractiveness of
the inferior action (Brandts & Cooper, 2004), downscaling
group size (Van Huyck, Battalio, & Rankin, 2007), and
increasing communication and information sharing (Chaudhuri,
Schotter, & Sopher, 2009; Van Huyck, Battalio, & Beil, 1993).
One potentially powerful but understudied approach to
improve coordination is to take advantage of positive network
externalities, that is, the beneﬁts received by an individual from
the actions of other in the same network, which is a common
Copyright © 2014 John Wiley & Sons, Ltd.

feature in coordination games. For this reason, positive
decisions by a few individuals are likely to lead others to
follow suit. Thus theoretically, a coordination problem can
switch from an inferior equilibrium to the optimal one, if a
subgroup of individuals is incentivized/subsidized to change
their actions, causing others to do the same (Heal & Kunreuther,
2010; Shafran, 20101; Zhuang, Bier, & Gupta, 2007).
The current study uses a subsidy to change a subset of
individuals’ actions, which in turn affects other individuals’
expectations and decisions, and eventually leads to a preferable equilibrium. We found that partially subsidizing two out
of six players in a laboratory coordination game usually
produced greater coordination and higher total payoffs than
when subsidies were not provided. This was especially
noticeable in a stochastic setting where a subsidy had a
signiﬁcant effect in tipping some groups to the Pareto-optimum
equilibrium. After removal of the subsidy, high levels of coordination continued in most groups with stochastic payoffs but
declined with deterministic ones. This ﬁnding is consistent with
the economic theories that the status quo bias was stronger under
uncertainty than without uncertainty (Bewley, 1986; Ortoleva,
2010). A post-game survey also suggested that there were
differences in the deterministic and stochastic games in terms
of how subsidy affected intrinsic motivations for cooperation.

EXPERIMENTAL DESIGN
General setup
An additional complication arises in coordination games
characterized by the presence of uncertainty, as illustrated by
contrasting the airline security and garbage disposal scenarios.
In a stochastic setting, the decisions of the agents depend on
both their expectation of others’ actions and their own risk
preferences. Previous research has found that people behave
differently in a stochastic game than in a deterministic game.
For example, Berger and Hershey (1994) found participants
less likely to contribute to a public good when returns are
stochastic than known with certainty. Bereby-Meyer and Roth
(2006) reported that people’s learning to cooperate in a prisoner’s dilemma game is reduced when the payoffs are noisy.
Gong, Baron, and Kunreuther (2009) reported that individuals
are less cooperative than groups in deterministic prisoner’s
dilemma games but more cooperative than groups when the
outcomes are stochastic.
Given these observed differences between the stochastic
and deterministic settings, we suspect that there also exist
signiﬁcant differences between coordination under uncertainty
1
Shafran (2010) also attempted to test the subsidy effect empirically in coordination games. However, the experiment design in Shafran (2010) is such
that the two subsidized players are removed from the original seven-player
play, and the game becomes a ﬁve-player game. In other words, Shafran
(2010) removed the function of expectation, which is an essential factor in
determining which equilibrium to reach. Hence, instead of testing the actual
perception and behavior change of players caused by the introduction of the
subsidy, the design in Shafran (2010) tests the differences of two coordination games with different number of players, seven-player game versus
ﬁve-player game. Their results are consistent with those of previous research
that reducing the number of players increases the coordination level (Goeree
& Holt, 2002; Van Huyck et al., 2007).
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and no uncertainty. Hence we empirically studied subsidy
effects in both types of games. The stochastic game is based
on the interdependent security game and social reinforcement
model (Heal & Kunreuther, 2010; Kunreuther & Heal, 2003),
in which n players each need to make a discrete decision,
option A or B. All players face the possibility of a local security
breach with probability p of losing L. Option A can eliminate
the risk of a local breach at a cost of C. A player also faces
possible interdependent security breaches, that is, cross breaches
from other players. If any player suffers a loss, all other players
have a probability q of being contaminated and losing L. Players
can only suffer the loss once, from either the local breach or the
cross breach. Each player’s initial wealth is Y.
Let π(i, m) denote the payoff of a player who chooses
strategy i when m out of n  1 other players choose strategy
A, and i ∈ {A,B}. The player’s expected payoff for choosing
A or B when no other players choose A is given respectively
by
 n2

(1)
π ðA; OÞ ¼ Y  C  q ∏ ð1  qÞt L
t¼0

and


n2
π ðB; OÞ ¼ Y  p þ ð1  pÞq ∏ ð1  qÞt L

(2)

t¼0

On the other hand, if all other players choose A, then
π ðA; n  1Þ ¼ Y  C

(3)

π ðB; n  1Þ ¼ Y  pL

(4)

and

In a coordination game, π(A,0) < π(B,0), and π(A,n  1) >
(B,n  1). That is, a rational and risk-neutral agent will
choose A (B) if all other players choose A (B). Thus there
are two pure strategy Pareto-ranked NEs, all-A and all-B.
All-A is the preferable equilibrium. Depending on the values
of the parameters, there is a tipping point s at which π(A,s) ≥
π(B,s) and π(A, s  1) < π(B, s  1).

The coordination games
Six players played the games presented in Table 1 or 2. The
values of the parameters are chosen to satisfy the following
conditions: (i) the game is a coordination game with two pure
strategy Nash equilibria, one being superior to the other;
(ii) there exists a tipping point at which changing one player’s
decision can tip the entire system from one equilibrium to the
other one; (iii) the tipping point is such that it is possible to
partially subsidize a subset of the tipping set to test the
effectiveness and efﬁciency of partial subsidy; (iv) the group
size is large enough so that no player can infer whether a
particular player was subsidized or not in the previous round
and yet small enough to recruit sufﬁcient participants; (v) per
Institutional Review Board’s request, there can be no negative
payment in a worst scenario after 20 periods. After taking into
consideration the difﬁculty of gathering multiple players
Copyright © 2014 John Wiley & Sons, Ltd.
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simultaneously in the lab and the cost effectiveness of data
collection, we decided that the best small group that
satisﬁes all the above was a six-player group with a tipping
point at four.
There were two pure strategy NEs, all choosing A or all
choosing B.2 The tipping point was four, or the tipping
subset is for four players to choose A. That is, if four or more
players chose A, a player had a higher expected payoff by
also choosing A rather than B. Otherwise, the player should
choose B. A ﬁctitious currency (Talers) was used with 50
Talers equal to $1. The parameters in our game were p = .4,
q = .2, Y = 2000 Talers (exchangeable for $40), C = 32 Talers,
L = 100 Talers, n = 6, and s = 4. Table 1 shows a player’s
probabilities of suffering a loss when she chose A or B as a
function of other players’ decisions.
As shown in Figure 1, the expected loss by choosing
option B is less than the expected loss (including the cost
of choosing A) of option A until at least four players choose
A. Theoretically if less than four players choose A, the system
tips to the Pareto-inferior equilibrium, all-B. Otherwise, the
system converges to the Pareto-superior equilibrium, all-A.
Both equilibria were observed in our study. There is a third
line in Figure 1 that represents the expected loss from option
A for subsidized players. The subsidy was set to 22 Talers.
That is, those who are subsidized pay 10 Talers to play
option A instead of 32 Talers. For a risk-neutral subsidized
player, the expected loss of option A is always less than that
of option B.
To create a corresponding deterministic game, we removed
the uncertainty of payoffs in the stochastic game and provided
players with the expected value of each cell in the stochastic
game, as described in Table 2.

Four conditions
A 2 × 2 between-subject design, (subsidy vs. baseline) ×
(stochastic game vs. deterministic game), allowed us to test
the effect of a subsidy in promoting the Pareto-optimum
equilibrium in coordination games and to look for an interaction between providing a subsidy and behavior in either the
stochastic or deterministic setting.
As in most coordination studies, we ran repeated games to
allow for learning and convergence to the equilibria. The
same six players played 20 periods of the same game in a
session. Each player was given 2000 Talers at the beginning
of the session. As shown in Table 1, in each period, a
player’s probability of suffering a 100-Taler loss, X%,
depended on both their own and other players’ decisions.
The server computer then generated a random number
between 0 and 100. If the random number was smaller than
or equal to the value of X, the player lost 100 Talers. The
losses over the 20 periods were accumulated and deducted
from players’ initial wealth. Before making their decision
between options A and B in each period, players also indicated how many other players they expected to choose A.
2

There is also a mixed strategy NE, with all players choosing A 78.23% of
the time and choosing B 21.67% of the time.
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Table 1. Probabilities of losing 100 Talers in the stochastic game
Number of other players who choose option A

Your choice

Option A (cost = 32)
Option B (cost = 0)

0

1

2

3

4

5

67%
80%

59%
75%

49%
69%

36%
61%

20%
52%

0%
40%

Table 2. Possible losses in the deterministic game
Number of other players who choose option A

Your choice

Option A (cost = 32)
Option B (cost = 0)

0

1

2

3

4

5

67
80

59
75

49
69

36
61

20
52

0
40

Number of Other Players Who Chose A
0
0

1

2

3

4

5

Expected Payoff

-20

Expected Payoff from
Strategy A

-40
-60

Expected Payoff from
Strategy B

-80
-100

Expected Payoff from
Strategy A for
Subsidized Players

We tested whether there was a carry-over effect of a subsidy
by running a second session in each condition. At the beginning of Session 2, players’ wealth levels were restored to
2000 Talers. The same six subjects played the same type of
game (stochastic or deterministic) for another 20 rounds with
the subsidy removed for those who were given a subsidy in
Session 1 and the subsidy added for those who were in the
baseline conditions in Session 1. Players were not aware of
the existence of Session 2 until they ﬁnished Session 1.

-120

Figure 1. Expected payoffs in the coordination game. Negative
numbers indicate losses

After each period t, players were given information on their
loss, their accumulated losses, wealth level, and the number
of players choosing A in all past periods, including period t.
In the subsidy conditions, in each period, two out of the
six players were randomly chosen to receive the subsidy
(paying 10 Talers for A instead of the full cost of 32 Talers),
should they decide to choose A. Note that it was a partial
subsidy allocated to only two players (which is half of the
tipping subset of four players choosing A). As will be
discussed later in the paper, we believe that the subsidy will
change not only the subsidized players’ expectation and
behavior, but also those of the unsubsidized ones. Hence, it
is likely to be more cost effective to apply partial subsidies
to a few individuals in the tipping subset than to apply a full
subsidy to the entire tipping subset. The subsidy amount and
the number of subsidized players in the tipping subset will
both have an impact on what others decide to do. The optimal combination depends on multiple factors: the parameters
in the game, the nature of the problem, and the decision
process of the speciﬁc groups. Identifying the optimal combination is beyond the scope of the current study and can be an
interesting extension for future research.
As a subsidy involves a positive cost to the policy makers,
it would be interesting to test whether the subsidy-generated
high coordination level sustains after the subsidy is removed.
Copyright © 2014 John Wiley & Sons, Ltd.

Participants and procedure
Two hundred ninety-four people (49 six-person groups)
participated in the study; 82% of participants were between
18 and 25 years old, and 62% were female. All were paid
$10 for showing up. Twenty percent of the players were
randomly chosen to be paid the dollar values of the Talers
they earned at the end of the study. The data collection for
Group 8 could not be completed because of a mechanical
failure. All data analyzed in this paper are from the remaining
48 groups.
The study was conducted in the behavioral labs of two
Northeastern universities using Z-tree, a software package
for developing economic experiments (Fischbacher, 2007).
Each player was provided with a personal computer to make
his or her decisions, with the computers of the six group
members in the same room but in separate cubicles to provide anonymity. Participants were not allowed to talk to each
other. Instructions were read aloud to ensure that the rules
and payoff structure of the game were common knowledge,
an important consideration in examining how players formed
their expectation of other players’ decisions.
After reading the instructions and before playing the
game, all participants were required to complete a quiz that
contained questions regarding the game, the procedure,
decision method, and payment information. At the end of the
experiment, participants answered questions on demographics,
their reasons for choosing A or B, and the Holt and Laury
survey that measured their risk preference (Holt & Laury, 2002).
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DOI: 10.1002/bdm

M. Gong et al.
HYPOTHESES AND RESULTS
Hypotheses
We believe that subsidy affected the game in two ways. First,
it changed the payoff structure of the subsidized players and
incentivized them to choose A. Second, the behavior change
in the subsidized players had an effect on the expectation and
behavior of all players. Heal and Kunreuther (2010) showed
that, theoretically, changes in the decisions by a tipping set
can shift a system from one equilibrium to another. External
incentives given to an appropriate set of players can lead to
cascading or tipping so the system reaches the socially
optimal equilibrium. Hence, we hypothesize the following:
H1 (General subsidy effect hypothesis): There is a higher
coordination level with a subsidy than without a subsidy.
As discussed before, expectation plays a vital role in
determining which equilibrium to reach. We further hypothesize that subsidy affects the players’ decision by changing
their expectations on how many of the other players will
choose A, that is, expectation is a mediator variable between
subsidy and coordination level. With two players being
partially subsidized, all players adjust their expectations,
with the information that the two subsidized players are more
likely to choose A than without subsidy. However, there is no
guarantee that the subsidized players will choose A for at
least two reasons. First, the trembling hand theory (Selten,
1975) predicts that players may choose unintended strategies
through a “slip of hand” or tremble. That is, a subsidized
player may accidently chooses B, although her intends to
choose A. Second, individual differences in risk reference
indicate that the subsidized players may choose different
strategies from each other. Although we expect that the
majority of the subsidized players will choose A, a subsidized
player may opt for B if she is risk seeking enough and is
unwilling to pay for the subsidized cost (10 Talers) for A to
reduce risk. On the basis of the expectation adjustment, the
players change their strategy and observed behavior. Formally, we will use Sobel’s test (Sobel, 1982) to statistically
test the following expectation mediation hypothesis.
H1a: Expectation is a mediator variable between subsidy
and coordination level.
It is also instructive to ask whether the expectations
regarding the cooperation rate differed between subsidized
and unsubsidized players. The rational theory predicts that
the unsubsidized players would increase their expectation
of the coordination rate when realizing that the two subsidized players would probably choose option A. The subsidized players would also predict a higher coordination rate
for the same reason. Bounded rationality with its acknowledgement of ﬁnite attention and limited information processing capacity (e.g., Simon, 1957) predicts that the effect of a
subsidy would be more salient to the subsidized players than
to the unsubsidized players, because the subsidized players
were personally experiencing it. In contrast, the unsubsidized
players were told that the others were able to incur a lower
Copyright © 2014 John Wiley & Sons, Ltd.
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cost of investing in A than they were; they thus would be
expected to see the subsidy as a changed set of game rules
(Hertwig, Barron, Weber, & Erev, 2004).
H1b (Rational theory hypothesis): Unsubsidized players
have higher expectation in the subsidy condition than in
the baseline condition.
H1c (Bounded rationality hypothesis): In the subsidy
condition, the subsidized players have a higher expectation on the number of other players choosing A than the
unsubsidized players.
Besides the aforementioned general subsidy effects, we
also tested the subsidy carry-over effect. Previous research
has reported mixed result on the sustainability of the subsidy
effect. For example, operant conditioning (Skinner, 1972)
research suggests that rewards and punishments inﬂuence
behavioral patterns and eventually form new habitual behavior.
In a recent ﬁeld study, Charness and Gneezy (2009) paid
university students to visit the gym, and attendance rate was
improved both during and after the intervention. Similar
long-term effect was reported by Levitt, List, and Sadoff
(2010a, 2010b) in which ﬁnancial incentives were provided
to students for better performance, and those students continued to outperform the control-group peers after the incentive
ended. In our study, subsidy encourages coordination that
yields higher payoffs, which functions similarly as a reward
for cooperation (choosing A). Once the cooperation habit
is formed, behavioral inertia/status quo bias predicts that
cooperation may continue after the subsidy is removed.
Alternatively, subsidy may mask or crowd out other intrinsic
reasons for cooperation, such as pro-social motivations or conditional cooperation based on reciprocity (Frey & Jegen, 2001;
Meier, 2007). A subsidy may become the most salient reason
for cooperation. In that case, when subsidy is removed, the
subsidy-generated cooperation will drop. In the extreme, the
crowding-out effects of economic incentives may have a negative impact on cooperation. For example, Meier (2007) found
that people were more willing to contribute to charity when a
donation-matching mechanism was applied, but the contribution rate declined after the matching mechanism ceased.
Furthermore, the post-subsidy reduction was large enough to
produce lower average donations relative to the amounts prior
to the introduction of the matching mechanism. On the basis
of the aforementioned mixed evidence, we have two competing
subsidy carry-over predictions:
H2a: The higher cooperation rate in Session 1 due to a
subsidy sustains after the subsidy is removed.
H2b: The higher cooperation rate in Session 1 due to a
subsidy drops after the subsidy is removed.

Results for session 1
Average cooperation rates (percentage choosing A) across
periods in the four conditions are reported in Table 3. We
will ﬁrst focus on the data from Session 1. Random effect
J. Behav. Dec. Making, 27, 395–407 (2014)
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Table 3. Percentage of choosing A in the four conditions
Name

DB1-DS2

DS1-DB2

SB1-SS2

SS1-SB2

13

13

10

12

# of 6-person groups

Session 1
Session 2

Description

Percentage

Deterministicbaseline
Deterministicsubsidy

.64
.79

Description Percentage
Deterministicsubsidy
Deterministicbaseline-

logit regressions conﬁrmed H1, that is, players were more
likely to choose option A with a subsidy than without a
subsidy (p < .01) after controlling for period and individual
subject differences. No signiﬁcant difference was found
between the stochastic and deterministic games (p > .10).
The complete regression results are reported in Table 4.
In the initial analysis, we also included the interaction
between subsidy and the game type, and found no signiﬁcant
interaction (p > .10). Analysis of variance table that compared
the regression models with and without interaction term
showed no signiﬁcant difference (p > .10). Hence the interaction term was dropped from further analysis. Note that the
coefﬁcient for period is negative and marginally signiﬁcant
(p = .09), indicating that the coordination level decreased over
time. This is consistent with previous ﬁndings in most coordination games (Camerer, 2003).3 Social welfare, computed as
summed payoff minus subsidy cost, was 7% higher in the
subsidy conditions than in the baseline conditions, in both
the deterministic and stochastic settings (p < .05), which
indicated that subsidy is both an effective and efﬁcient way
to encourage coordination.
Table 5 reports all 48 groups’ cooperation rates in the 20
periods of Session 1 grouped into Periods 1–5, 6–15, and
16–20. Again, group averages in each period category conﬁrm H1, namely that subsidy encouraged players to choose
option A. The subsidy-induced coordination improvement
occurred at the beginning periods (Periods 1–5) and was
sustained throughout the game. This suggests that the
subsidy changed participants’ expectations of the number
of other players who might choose option A, and that the
options chosen by others over time conﬁrmed these expectations. Sobel’s test (Sobel, 1982) shows that expectation
signiﬁcantly mediated the coordination level (z = 3.179, p < .01),
conﬁrming H1a.
Compared with the expectations of the players in the
baseline conditions, unsubsidized players in the subsidy condition had higher expectations as to how many other players
would choose A (p < .01), conﬁrming the rational theory
hypothesis (H1b). The unsubsidized players’ expectations,
however, were lower than the expectations of the subsidized
players (p = .01), consistent with the bounded rationality
predictions (H1c). The increase in expectations affected the
behavior: The unsubsidized players in the subsidy condition
were more likely to choose A than players in the baseline

3

Goeree and Holt (2005) reported that the coordination levels decrease over
time in high-cost sessions but increase in low-cost sessions.

Copyright © 2014 John Wiley & Sons, Ltd.

.76
.67

Description

Percentage

Description

Percentage

Stochasticbaseline
Stochasticsubsidy

.71

Stochasticsubsidy
Stochasticbaseline

.79

.76

.79

condition (p < .01). Similar results are found when using
data from the ﬁrst period or from the ﬁrst ﬁve periods only
(Table 6).
The fact that the players’ expectations predict their strategies
indicates that the players are belief-based learners (Cheung &
Friedman, 1997; Shafran, 2012) who update their beliefs on
the basis of their observations of others’ behaviors in the past.
Interestingly, expectation was not the only factor the players
considered when developing their strategies, especially when
they faced stochastic payments. The data show that in the
stochastic games, the players were more likely to choose A in
the current period if they did not choose A and suffered a loss
in the previous period. However, if they chose A and still
suffered a loss in the previous period, they were less likely to
choose A again in the current period (both p < .01), which is
consistent with the behavior of reinforcement learners (Roth
& Erev, 1995) who do not differentiate between a bad strategy
from a bad outcome.
Figure 2 provides the average cooperation rate in each
period. The unit numbers on the y-axis correspond to the
number of players choosing A. For example, the cooperation
rate on the y-axis is .17 if only one out of six players in that
group chose A. Consistent with the regression results,
Figure 2 shows that the subsidy effects encouraging players
to choose A were not signiﬁcantly different in the stochastic
and deterministic games. The average cooperation rates of
all groups, however, mask important individual group
differences and decision dynamics. For example, Figure 3,
showing the average cooperation rate of each group in
Periods 16–20 of Session 1, reveals important similarities and
differences between the stochastic and deterministic games.
First, there is a clear pattern that subsidy did improve the
cooperation rates. Recall that the tipping point for choosing
A, based on the rational theory prediction, is the expectation
that four other players will choose A. Hence we deﬁne an
efﬁcient equilibrium as ﬁve or more players choosing A
(i.e., cooperation rate equal to or greater than .83) in the last
ﬁve periods and an inefﬁcient equilibrium as two or fewer
players choosing A (i.e., cooperation rate equal to or smaller
than .33) in the last ﬁve periods. With subsidy, more groups
reached the efﬁcient equilibrium and less groups stabilized at
the inefﬁcient equilibrium than in the baseline condition. This
was true for both the deterministic and stochastic games.
Second, both Nash equilibria, all-A and all-B, were
observed in the study, although a large number of groups never
reached the theoretically predicted equilibria. No groups were
trapped in the inefﬁcient equilibrium in games with a subsidy,
because, as the payoff graph shows in Figure 1, choosing A is
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Table 4. Random individual logit model for choosing option A in
Session 1
Variable

Coefﬁcient Standard error z value Pr(>|z|)

Dependent variable
Choosing A
Independent variables
Constant
1.25
Stochastic game
.48
Subsidy
1.08
Fixed effects
Period
.01
Rho
5.78
Log likelihood
2385
Sample size
5760

.26
.31
.31
.006
2.40

4.72
1.55
3.51

.00
.11
.00

1.68

.09

always more preferable than B for the two subsidized players,
unless they are extremely risk seeking. The data show that
subsidized players chose option A 91% of the time. As
mentioned earlier, there are at least two reasons why 9% of
the times the subsidized players did not choose A. One is
because of the trembling hand effect (Selten, 1975). The other
reason relates to individual players’ risk preferences. If a player
is risk seeking enough, she or he may be reluctant to pay the
low cost (10 Talers) to choose A even with the subsidy. Instead,
she or he will opt for the more risky but costless choice of B.
The data conﬁrm that those who were subsidized but chose B
are less risk averse than the rest of the players (p < .05).
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Third, as predicted, subsidy tipped some groups toward
the Pareto-superior equilibrium. The tipping effect of the
subsidy is clearly illustrated in the stochastic game. As
shown in Figure 3, in the stochastic-baseline condition, only
two out of 10 groups (20%) had a cooperation rate over .83,
only one group converged on the inefﬁcient equilibrium, and
the rest of the seven groups were stuck between the two NEs.
In the stochastic-subsidy condition, six out of 12 groups
(50%) successfully reached the efﬁcient equilibrium.
Fourth, there is a noticeable difference in the patterns of
how subsidy affected the deterministic game versus the stochastic game. Eleven of the 13 groups in the deterministicbaseline condition reached the predicted NEs. In particular,
seven groups reached the efﬁcient equilibrium, four groups
clustered at the inefﬁcient equilibrium, and only two groups
settled between the two NEs. In the deterministic-subsidy
condition, seven out of 13 groups had two to four players
choosing A, no group converged at the inefﬁcient equilibrium, and six groups reached the efﬁcient equilibrium.
To summarize, subsidy improved coordination in the
stochastic game by tipping half of the groups toward the
efﬁcient equilibrium, and by diverting one third of the groups
away from the inefﬁcient equilibrium in the deterministic
game. However, several questions remain unanswered by
the data. For instance, why do players show a dichotomous
pattern in the deterministic-baseline condition but cluster in
the middle in the stochastic-baseline condition (shown in

Table 5. Average cooperation rates in each group by periods in Session 1
Stochastic-baseline
Group number

Periods 1–5
Periods 6–15
Periods 16–20
All periods

Periods 1–5
Periods 6–15
Periods 16–20
All periods

Periods 1–5
Periods 6–15
Periods 16–20
All periods

Periods 1–5
Periods 6–15
Periods 16–20
All periods

6

7

9

10

22

23

30

31

32

33

Average

1.00
1.00
1.00
1.00

.47
.62
.67
.59

.73
.43
.27
.47

.57
.33
.67
.48

.67
.77
.77
.74

.80
.80
.67
.77

.93
.90
.83
.89

.83
.80
.80
.81

.43
.57
.40
.49

.93
.80
.77
.83

.74
.70
.68
.70

19
.80
.80
.70
.78

Stochastic-subsidy
Group number
20
21
35
1.00
1.00
.83
.98
.98
.87
.87
1.00
.77
.96
.99
.83

37
.93
.98
1.00
.98

38
.53
.50
.37
.48

39
.83
.67
.63
.70

29
.27
.07
.07
.12

Deterministic-baseline
Group number
34
36
45
.50
.53
.60
.35
1.00
.28
.20
.97
.13
.35
.88
.33

46
.53
.43
.20
.40

47
1.00
1.00
.97
.99

48
.63
.52
.83
.63

49
.67
.92
1.00
.88

Average
.61
.66
.64
.64

25
.70
.55
.57
.59

Deterministic-subsidy
Group number
26
27
40
.83
.97
.53
.98
.98
.57
1.00
.97
.53
.95
.98
.55

41
.53
.50
.40
.48

42
.93
.95
.97
.95

43
.40
.45
.47
.44

44
1.00
1.00
.97
.99

Average
.74
.78
.74
.76

5
.77
.77
.87
.79

1
.57
.37
.37
.42

3
.73
.73
.60
.70

11
.80
.80
.83
.81

2
.90
1.00
1.00
.98

4
.70
.85
.80
.80

12
.80
.58
.57
.63

15
.77
.98
1.00
.93

14
1.00
1.00
1.00
1.00
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13
.63
.83
.90
.80

24
.80
.90
.97
.89

16
.97
.82
.93
.88

18
.80
.73
.73
.75

28
.20
.70
.63
.56

17
.43
.75
.47
.60

Average
.81
.79
.77
.79
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Table 6. Random effect regression to test subsidy effects on
expectations
Variable

Coefﬁcient

Dependent variable
Expectation on the number
of others choosing A
Independent variables
Constant
3.66
Players in baseline condition
.37
Subsidized players in
.06
subsidy condition
Stochastic game
.0
Period
.01
Log likelihood
8228
Sample size
5760

Standard
t
error value Pr(>|z|)

.11
.12
.04

34.49
3.00
2.16

.00
.00
.01

.76
6.63

.76
.00

.12
.002

Subsidy Effect in the Stochastic Game

Percentage of Choosing A

No Subsidy
With Subsidy

1.00
0.83
0.67
0.50
0.33
0.17
0.00
1

2

3

4

5

6

7

8

9 10 11 12 13 14 15 16 17 18 19 20

Period

Subsidy Effect in the Deterministic Game

Percentage of Choosing A

No Subsidy
With Subsidy

1.00
0.83
0.67
0.50
0.33
0.17
0.00
1

2

3

4

5

6

7

8

9 10 11 12 13 14 15 16 17 18 19 20

Period

Figure 2. Cooperation rates in Session 1

Percentage of Choosing A

1.00
0.83

StochasticBaseline in
Session 1

0.67
StochasticSubsidy in Session
1

0.50

DeterministicBaseline in
Session 1

0.33
0.17

DeterministicSubsidy in Session
1

Figure 3)? Why does subsidy help the divided groups in the
stochastic game to reach the efﬁcient equilibrium but not
those in the deterministic game? The post-game survey
provides some tentative answers to these questions.
An answer to the ﬁrst question of why most groups in the
stochastic-baseline condition chose a mixture of options A
and B appears to be related to the risk control strategy of
the players. Players’ decisions in the stochastic game depend
not only on their expectation of what others will do but also
on their own risk preferences. Seventy-eight percent of the
players in the stochastic game considered A to be a safer
option than B. Players with a high degree of risk aversion
may thus always prefer A to B, even when they expect others
to choose B. This would explain why we rarely observed the
all-B equilibrium in the stochastic-baseline condition. Riskseeking players may decide not to pay the cost of choosing
A, even though they expect others to do so, which explains
why there were only two groups reaching the all-A equilibrium in the stochastic-baseline condition.
How does a subsidy affect the deterministic and stochastic
games differently? To answer this question, we ﬁrst analyze
how a subsidy might have encouraged those groups that
settled in the middle to reach the efﬁcient equilibrium in
the stochastic game. On the one hand, subsidy encourages
subsidized players to choose A. At an unsubsidized cost of
32 Talers, players who are not very risk averse would be
willing to take their chances of a loss and choose B; with a
subsidized cost level of 10 Talers, they will then want to
switch to A. On the other hand, the unsubsidized players
are also more likely to choose A by perceiving that the subsidized players will want to switch from B to A.
For example, as shown in Table 1, a moderately riskaverse player may expect only one other player to choose A
and decide that it is not worth 32 Talers to reduce the risk
of losing 100 Talers from 75% to 59%. Assume that this
player is not subsidized but increases her or his expectation
of the number of players choosing A from one to three when
she or he believes that two subsidized players will choose A.
She or he is now willing to pay 32 Talers to reduce her or his
risk from 61% to 36%. Note that in this example, the new
expectation (three players choosing A) is still below the
tipping point of a risk-neutral agent, four, but a risk-averse
player may be tipped toward A anyway. This is not likely
to be the case in the deterministic game. In other words,
although in theory both games have a tipping point of four,
the stochastic game may have a lower tipping point depending
on the risk preferences of the players in the speciﬁc groups.4
We speculate that the differences in the actual tipping
points are a possible reason why subsidy encouraged some
divided groups to reach the efﬁcient equilibrium in the
stochastic game but had little effect on those in the deterministic game. The expectation question data indicate that the
average expectation of the efﬁcient groups in the stochastic
game was signiﬁcantly lower than that in the deterministic
game (4.5 vs. 4.1, p < .01). This implies that a lower tipping

0.00

Conditions

Figure 3. Cooperation rate in groups in Periods 16–20 in Session 1

Copyright © 2014 John Wiley & Sons, Ltd.

4
The opposite is possible when an expectation greater than four is not
enough to tip a risk-seeking player. But in the current study, most players
were risk averse according to the Holt and Laury risk preference scale.
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point is probably required to change players’ strategies from
B to A in the stochastic game than in the deterministic game.
Note that in the aforementioned example, an unsubsidized
player increases her or his expectation of the number of
others choosing A from one player to three players by having
two subsidized players added. That is, we assume that the
unsubsidized player is a naïve decision maker and does not
take into account the subsidized players’ initial tendency to
choose A without subsidy or believes that the subsidized
players will not choose A without subsidy. In the lab or real
world, the expectation formation process is probably much
more complicated than simply adding the number of the subsidized players (two in this case) to one’s prior expectation as
to how many players would choose option A in the baseline
condition. People may add a fraction of two, or adjust it only
when their initial expectation is below two.

Results in session 2
Combined data from Sessions 1 and 2 were used to test H2a
and H2b, the subsidy carry-over effect hypotheses, with 78
participants (13 groups) in the DS1-DB2 condition, and 72
participants (12 groups) in the SS1-SB2 condition. A random
effect logit model tested whether the subsidy effect carried
over from the ﬁrst session to a second session in which the
subsidy was removed. The regression results, reported in
Table 7, show that there was a signiﬁcant interaction between
game type (stochastic vs. deterministic) and the subsidy
carry-over effect (p < .01). Participants in the deterministic
game were signiﬁcantly less likely to choose A after the
subsidy was removed than with a subsidy (p < .01), but those
in the stochastic game sustained the same level of coordination without subsidy as with the subsidy (p > .10).5 That is,
the data support H2a in the stochastic game and H2b in the
deterministic game.
The interaction between game type and subsidy carry-over
effect can be shown more clearly when we look at cooperation
rates in greater detail, as in Figure 4. Figure 4 shows that most
groups in the stochastic game maintained the coordination
levels they had achieved with the subsidy in Session 1, after
the subsidy was removed in Session 2. In the deterministic
game, however, after the subsidy was removed, groups
manifested a similar dichotomous pattern as observed in the
deterministic-baseline condition, as if they had never been
exposed to the subsidy. That is, the subsidy effect of Session
1 did not carry-over to an unsubsidized Session 2 for the deterministic game.
Why does the subsidy carry-over effect differ in the deterministic from the stochastic game? There are at least two
reasons. First, people might be more likely to adopt the
default choice (previous choice) in a stochastic game than
in a deterministic game as predicted by some economic
theories (Bewley, 1986; Ortoleva, 2010). For example, Bewley
(1986) suggested that uncertainty might confuse the decision

5
The results of a second regression, similar to the one reported in Table 7, to
test the subsidy carry-over effect in the stochastic game are reported in Table 9 in Supporting information Appendix B.
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Table 7. Random individual logit model for choosing option A
Variable

Coefﬁcient

Dependent variable
Choosing A
Independent
variables
Constant
2.72
Stochastic game
.42
Subsidy removed
.87
Fixed effects
Period
.02
Interaction
Stochastic game ×
.85
subsidy removed
Rho
7.36
Log likelihood
2203
Sample size
5988

Standard
error

z
value

Pr(>|z|)

.33
.47
.10

8.08
.88
8.34

.00
.38
.00

.007

4.28

.00

5.36

.00

.16
2.72

maker and forced incomplete preferences to her. The inertia
assumption then suggested that she or he would switch from
the status quo option only when she or he found a better
alternative, which was more difﬁcult under uncertainty than
without uncertainty, because of the incomplete preference.
Ortoleva (2010) further developed the idea by positing the status
quo behaviorally using an axiomatic framework, dropping
the preference incompleteness and the inertia assumptions.
According to Ortoleva (2010), when facing uncertainty,
the decision maker had lower conﬁdence in comparing alternatives to the default choice. The status quo became more salient
when she faced the choice difﬁculty, and more “attractive”
because of the familiarity associated with the experience with
the status quo. Hence the status quo bias became stronger
under uncertainty. In the current study, the status quo after
the subsidy was removed was the high coordination level
brought by the subsidy in the previous session. The subsidy
carry-over difference between the stochastic and deterministic
settings was consistent with the theoretic predictions in Bewley
(1986) and Ortoleva (2010), that decision makers were more
likely to keep the status quo (previous decisions) under uncertainty than without uncertainty.
Second, there was a difference in terms of the intrinsic
motivation crowding effect of subsidy in the stochastic game
than in the deterministic game. Previous research reports that
expecting material rewards or economic incentives may
reduce intrinsic motivations (Frey & Jegen, 2001; Greene,
Sternberg, & Lepper, 1976; Lepper, Greene, & Nisbett,
1973). In the extreme, the crowding effects may carry over
after the incentive is removed and result in a negative net
effect (Meier, 2007). Our post-game survey showed that in
the deterministic game, 43% of players believed that paying
a lower cost was the only reason to choose A, and that others
would choose A only when subsidized, which indicates that
at least for those players, subsidy masked other cooperation
motives. Once the subsidy was removed, those players
would no longer have subsidy as a valid reason for choosing
A, and the subsidy-generated high coordination level would
drop back to the pre-subsidy level. Note that the postsubsidy coordination did not fall below the pre-subsidy level,
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Deterministic-No Subsidy in Session 2

Stochastic-No Subsidy in Session 2

1.00

1.00

0.84

0.83

0.67

0.67

0.50

0.50

0.33

0.33

0.17

0.17

0.00

0.00

Figure 4. Cooperation rates in Periods 16–20 with subsidy and without subsidy in subsequent session as a function of game type

which implies that although the subsidy did not generate a
sustainable coordination pattern, the motivation crowding
did not carry over to the post-subsidy period to cause a
negative net effect, as reported in the donation subsidy
scenario (Meier, 2007).
In the stochastic game, only 22% of players viewed paying
a lower cost as the only reason for choosing A. Seventy-eight
percent of the players simply regarded A as a safer option.
They assumed that others also preferred reduced risk with
or without subsidy. Hence once the subsidy helped the groups
reach a coordination level with lower risk, most groups stayed
at that level. In summary, subsidy seems to crowd out other
possible reasons for cooperation in the deterministic setting,
but safety is the principal reason for coordination on A in
the stochastic setting. As a result, the subsidy effect carries
over in the stochastic setting, but not in the deterministic one.
A third possible reason6 for the carry-over difference in
the two games is the partial reinforcement extinction effect
(PREE), which is a well-established phenomenon in learning:
intermittent reinforcement during acquisition makes subsequent extinction more difﬁcult than if the behavior was
acquired through ﬁxed reinforcement. It is true that
economists sometimes treat outcomes from deterministic
prisoner’s dilemma as “ﬁxed” reinforcement, and outcomes
from stochastic game as random or partial reinforcement,
as the reviewer noted (Bereby-Meyer & Roth, 2006). However, in the original psychology research (Tedeschi,
Aranoff, Gahagan, & Hiester, 1968) and subsequent
psychology research on partial learning in prisoner’s
dilemma, the outcomes of deterministic prisoner’s dilemmas
are treated as ﬁxed reinforcement only if there is no variance
in the opponent’s strategy response to certain behavior. A
normal (deterministic) prisoner’s dilemma where there exists
strategic uncertainty from the opponent is treated as random
reinforcement. To be more speciﬁc, if a person chooses to
cooperate in a deterministic prisoner’s dilemma, it is a ﬁxed
reinforcement design only if her or his opponent always
responds by cooperating or always responds by defecting.
In our experiment, because of the existence of strategy
uncertainty in both deterministic and stochastic games, both
games apply partial reinforcement. Nevertheless the stochastic
game does have an extra layer of uncertainty in the outcomes,

resulting in a lower percentage of reinforcement occurrences
than in the deterministic game, although the expected reinforcements (payoffs) are the same in the two games. Does
the extra noise in the stochastic game make the learned cooperation harder to extinct? To answer this question, let us take a
closer look at the psychological mechanisms driving the PREE.
Previous research has shown evidence that the PREE takes an
inverted U-shaped function of reinforcement percentage (Grant
& Schipper, 1952; for a review, see Lewis, 1960). That is, the
PREE is higher in the middle percentage region and lower
with either very high or very low reinforcement percentages.
Grant and Schipper (1952) suggested two processes underlying the inverted U-shaped extinction, discrimination and
learning. The discrimination process indicates that high
percentage reinforcements make acquisition series easy to
“stand out” from the extinction series, hence less resistance
to extinction with the PREE being a decreasing function of
the reinforcement percentage. The learning process, however,
implies the opposite, namely that the PREE is an increasing
function of the reinforcement percentage, because the learned
response strength increases in the number of reinforced trials,
and the response strength correlates with the resistance to
extinction. The two processes combined explain the inverted
U-shaped PREE on the reinforcement percentage.
In our study, it is difﬁcult to judge whether the PREE is in
the increasing or decreasing section of the inverted U, without
further research. Hence, it is unclear whether the lower
enforcement percentage resulting from the extra layer of uncertainty in the stochastic game makes the extinction easier or
harder than in the deterministic game. Our guess is that
because the participants in both games were well aware of
the removal of the subsidy, both had no difﬁculty
distinguishing the extinction series (post-subsidy games)
from the acquisition series (with-subsidy games). The major
difference then lies in the second process, learning, which
produces an increasing function of PREE in the reinforcement
percentage. If that is true, the PREE is actually stronger in the
deterministic game than in the stochastic game, although the
difference is not large enough to offset the ﬁrst two reasons
discussed earlier.

CONCLUSIONS
6

We thank an anonymous reviewer who brought the importance of the PREE
to our attention.
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Pareto-ranked Nash equilibria. The current study investigates
the effect of subsidy in a coordination game, both in a deterministic setting and a stochastic setting. We ﬁnd that partially
subsidizing one third of the players not only encourages the
subsidized players to cooperate but also changes the
unsubsidized players’ expectations and behavior, so that
some groups are tipped toward the efﬁcient equilibrium.
Social welfare is increased with subsidy in both the deterministic and stochastic settings. Furthermore, the subsidyinduced coordination improvement is sustained after the
subsidy is removed in the stochastic game, but not in the
deterministic game, consistent with the economic theories
that the status quo is more likely to be accepted under uncertainty than without uncertainty. A post-game survey also
indicated that with stochastic payoffs, players focused on
risk reduction. Temporary subsidies promoted lasting coordination because even after subsidy was removed, as players
still assumed that other players would prefer reduced risks
from cooperation. With deterministic payoffs, however, the
subsidy might crowd out other rationales for coordination,
with many players indicating that the subsidy was the only
reason for anyone to cooperate. Hence, the coordination level
dropped when the subsidy was removed.
The experimental results in this paper have important
public policy implications. For example, for the garbage
disposal case, a partial subsidy can be implemented by
providing free garbage pick-up service to some households. According to the subsidy effect found in the study,
this will affect the behavior of both households receiving
the pick-up service and those who do not receive the
service (subsidy) directly but expect that more people will
now dispose garbage properly. Once enough people leave
the garbage in the garbage bin, the extra costs of disposing
the garbage are removed, and the system tips toward the
superior NE in which all dispose their garbage in the bin
and enjoy a clean environment. Similarly in the airline
security case, a subsidy can be provided to some airlines
to partially offset the cost of updating the security screening equipment. The subsidy will encourage both the subsidized and unsubsidized airlines to update their equipment
so all airlines invest in the screening equipment (the
superior NE) and reduce the risk of a bomb placed in
an airplane.
Note that differences in the subsidy carry-over effect
differences between the deterministic and stochastic games
reported in the current study will likely lead households in
the garbage disposal example to return to the inferior
equilibrium once the free pick-up service ceases. However,
in the airline security example, the Pareto-optimal equilibrium is likely to be sustained even when the subsidy is no
longer provided.
More generally, if the laboratory results hold in community
settings, then a limited budget might best be used to support
temporary subsidies in stochastic settings, spread among many
groups, because the coordination on Pareto optimum will often
persist after the subsidy ends. In deterministic settings, subsidies might have to be maintained indeﬁnitely and might crowd
out cooperation on the basis of on other rationales, such as
social expectation to cooperate.
Copyright © 2014 John Wiley & Sons, Ltd.
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There may be other ways to encourage cooperation in
deterministic settings. For example, besides using subsidy
to encourage cooperative behavior, a portion of the budget
can be used for campaigns to educate people about the
beneﬁts of reaching a more desirable equilibrium, or use
social rewards instead of monetary incentive to change social
norms so that the cooperative behavior is more sustainable.
Another implication of the current study is that, instead of
playing down the uncertainty aspects in a coordination scenario, as public policy makers often do, one should highlight
the uncertainty existing in the problem. This will take advantage of people’s natural risk-averse tendencies and result in a
higher likelihood of opting for the default choice so that a
more efﬁcient risk-reduction cooperation can be reached.
We encourage future work that test the subsidy effect and
the subsidy carry-over effect under conditions more similar
to a natural environment, such as allowing players to
communicate, or introducing a social norm for coordination.
Another interesting extension for future research is to identify optimal subsidy policy design for coordination games.
In the current study, we allocated partial subsidy to half of
the tipping subset. For the same cost, we could apply either
a lower subsidy to more players or a higher subsidy to fewer
players. As mentioned earlier in the paper, the optimal
combination depends on multiple factors: the parameters in
the game, the nature of the problem, and the decision process
of the speciﬁc groups. Future research to identify systematic
patterns on how each factor responds to the subsidy design
will be helpful in applying subsidy policies in the most cost
effective way.

ACKNOWLEDGEMENTS
We appreciate helpful comments and suggestions from participants at the CRED lab meetings and Altisource research
seminars. We thank Columbia Business School Behavior
Lab and the Wharton Behavior Lab, Nathan Lane, and
Matthew Sisco for collecting and compiling the data. We
also wish to thank J. Frank Yates and three anonymous
reviewers for their constructive feedback and advice on
earlier versions of the paper. Major funding was provided
under the cooperative agreements NSF SES-0345840 and
NSF SES-0951516 awarded to the Center for Research on
Environmental Decisions.

REFERENCES
Bereby-Meyer, Y., & Roth, A. E. (2006). The speed of learning in
noisy games: Partial reinforcement and the sustainability of
cooperation. American Economic Review, 96, 1029–1042.
Berger, L. A., & Hershey, J. C. (1994). Moral hazard, risk seeking,
and free riding. Journal of Risk and Uncertainty, 9, 173–186.
Bewley, T. F., (1986). Knightian decision theory: Part I. Cowles
Foundation discussion paper, 807.
Brandts, J., & Cooper, D. J. (2004). A change would do you good…
an experimental study on how to overcome coordination failure
in organizations. American Economic Review, 96, 669–693.

J. Behav. Dec. Making, 27, 395–407 (2014)
DOI: 10.1002/bdm

406

Journal of Behavioral Decision Making

Camerer, C. (2003). Behavioral game theory: Experiments in strategic interaction. The Roundtable Series in Behavioral Economics.
Princeton, NJ: Princeton.
Charness, G., & Gneezy, U. (2009). Incentives to exercise.
Econometrica, 77, 3, 909–931.
Chaudhuri, A., Schotter, A., & Sopher, B. (2009). Coordination in
inter-generational minimum effort games with private, almost.
Economic Journal, 119, 91–122.
Cheung, Y.-W. & Friedman, D. (1997). Individual learning in
normal form games: Some laboratory results. Games and Economic
Behavior, 19, 46–76.
Fischbacher, U. (2007). Z-tree: Zurich toolbox for ready-made economic experiments. Experimental Economics, 10(2), 171–178.
Frey, B. S., & Jegen, R. (2001). Motivation crowding theory. Journal
of Economic Surveys, Blackwell Publishing 15(5), 589–611.
Goeree, J. K., & Holt, C. A. (2002). Coordination games. In L. Nadel
(Ed.), Encyclopedia of cognitive science, Vol. 2 (pp. 204–208).
London: Nature Publishing Group, McMillan.
Goeree, J. K., & Holt, C. A. (2005). An experimental study of costly
coordination. Games and Economic Behavior 51(2), 349–364.
Gong, M., Baron, J., & Kunreuther, H. (2009). Group cooperation under
uncertainty. Journal of Risk and Uncertainty, 39(3), 251–270.
Grant, D. A., & Schipper, L. M.(1952). The acquisition and extinction
of conditioned eyelid responses as a function of the percentage of
ﬁxed-ratio random reinforcement. Journal of Experimental
Psychology, 43(4), 313–320. doi: 10.1037/h0057186
Greene, D., Sternberg, B., & Lepper, M. R. (1976). Overjustiﬁcation in
a token economy. Journal of Personality and Social Psychology,
34, 1219–1234.
Heal, G., & Kunreuther, H. (2010). Social reinforcement: Cascades,
entrapment, and tipping. American Economic Journal: Microeconomics, 2, 86–99.
Hertwig, R., Barron, G., Weber, E. U., & Erev, I. (2004). Decisions
from experience and the effect of rare events in risky choice.
Psychological Science, 15, 534–539.
Holt, C. A., & Laury, S. K. (2002). Risk aversion and incentive
effects. American Economic Review, 92(5), 1644–1655.
Kearns, M. (2005). Economics, computer science, and policy.
Issues in Science and Technology, Winter 2005.
Kelley, H. H., & Thibaut, J. W. (1978). Interpersonal relations: A
theory of interdependence. New York: Wiley-Interscience.
Kunreuther, H. (2009). The weakest link: Risk management strategies
for dealing with interdependencies. In P. R. Kleindorfer, & Y.
Wind (Eds.), The network challenge: New competencies and
strategies for an interlinked world. Upper Saddle River, NJ:
Wharton School Publishing.
Kunreuther, H., & Heal, G.. (2003). Interdependent security.
Journal of Risk and Uncertainty, 26, 231–249.
Kunreuther, H., & Heal, G. (2005). Interdependencies in organizations. In B. Hutter, & M. Powers (Eds.), Organizational encounters
with risk. Cambridge: Cambridge University Press.
Lepper, M. R., Greene, D., & Nisbett, R. E. (1973). Undermining
children’s intrinsic interest with extrinsic rewards: A test of the
“overjustiﬁcation” hypothesis. Journal of Personality and Social
Psychology, 28, 129–137.
Levitt, S., List, J., & Sadoff, S.. (2010a). The impact of short-term
ﬁnancial incentives on student performance. Unpublished paper.
Levitt, S., List, J., & Sadoff, S. (2010b). The effect of performancebased incentives on educational achievement: Evidence from a
randomized experiment. Unpublished paper.
Lewis, D. J. (1960). Partial reinforcement: A selective review of the
literature since 1950. Psychological Bulletin, 57(1), 1–28.
Meier, S. (2007). Do subsidies increase charitable giving in the long
run? Matching donations in a ﬁeld experiment. Journal of the
European Economic Association, 5(6), 1203–1222.
Ortoleva, P. (2010). Status quo bias, multiple priors and uncertainty
aversion. Games and Economic Behavior, 69, 411–424.
Roth, A. E. & Erev, I. (1995). Learning in extensive-form games:
Experimental data and simple dynamic models in the intermediate
term. Games and Economic Behavior, 8, 164–212.

Copyright © 2014 John Wiley & Sons, Ltd.

Selten, R. (1975). A reexamination of the perfectness concept for
equilibrium points in extensive games. International Journal of
Game Theory, 4, 25–55.
Shafran, A. P. (2008). Risk externalities and the problem of wildﬁre
risk. Journal of Urban Economics, 64, 488–495.
Shafran, A. P. (2010). Interdependent security experiments. Economics Bulletin, 30, 1950–1962.
Shafran, A. P. (2012). Learning in games with risky payoffs. Games
and Economic Behavior, 75(1), 354–371.
Schelling, T. C. (1960). The strategy of conﬂict. Cambridge:
Harvard University Press.
Simon, H. (1957). A behavioral model of rational choice. In H. A.
Simon (Ed.), Models of man, social and rational: Mathematical essays
on rational human behavior in a social setting. New York: Wiley.
Skinner, B. F. (1972). Utopia through the control of human behavior.
In J. M. Rich (Ed.), The philosophy of education. Belmont,
CA: Wadsworth.
Sobel, M. E. (1982). Asymptotic conﬁdence intervals for indirect
effects in structural equation models. Sociological Methodology,
13, 290–312. doi:10.2307/270723
Tedeschi, J. T., Aranoff, D., Gahagan, J. P., & Hiester, D. (1968).
The partial reinforcement effect and the prisoner’s dilemma
game. Journal of Social Psychology, 75(2), 209–215.
Thibaut, N., & Kelley, H. (1959). The social psychology of groups.
New York: Wiley.
Van Huyck, J. B., Battalio, R. C., & Beil, R. O. (1993). Asset markets
as an equilibrium selection mechanism: Coordination failure,
game form auctions, and tacit communication. Games and
Economic Behavior, 5, 485–504.
Van Huyck, J. B., Battalio, R. C., & Rankin, F. (2007). Evidence on
learning in coordination games. Experimental Economics, 10,
205–220.
Zhuang, J., Bier, V. M., & Gupta, A. (2007). Subsidies in interdependent
security with heterogeneous discount rates. The Engineering
Economist, 52(1), 1–19.
Authors’ biographies:
Min Gong is a behavior economist at the Altisource Labs. She
received her PhD in Psychology in 2009 from the University of
Pennsylvania and her PhD in Economics in 2007 from the
University of Wyoming. Her research focuses on using both the
behavior approach and analytic modeling to solve real-world problems.
Geoffrey Heal is the Garrett Professor of Public Policy and
Business, and Professor of Economics and Finance at the Columbia
Graduate School of Business. He holds master’s and doctoral
degrees from Cambridge University and holds an Honorary Doctorate
from the Université de Paris Dauphine. His expertise is in the areas of
corporate social responsibility, economics, environmental decision
making and policy, and social enterprise.
David H. Krantz is a Professor of Psychology and Statistics at the
Columbia University. He graduated from Yale University
(Mathematics) and received his PhD from the University of Pennsylvania (1964, Psychology). He has been active in a number of roles in
the Earth Institute at Columbia in the past two decades. He is a
founding Director of Columbia’s Center for the Decision Sciences
and the Center for Research on Environmental Decisions (CRED).
Krantz has worked in several different research ﬁelds, including measurement theory, color perception, and the use of statistical concepts in
everyday reasoning. His current research focuses on problem solving,
especially decision making, multiple goals, risky and inter-temporal
choice, and especially on social goals.
Howard C. Kunreuther is the James G. Dinan Professor of
Decision Sciences and Public Policy at the Wharton School,
University of Pennsylvania, and co-director of the Wharton Risk
Management and Decision Processes Center. He has a PhD in
Economics from MIT. Kunreuther has a long-standing interest in the
ways that society can better manage low-probability, high-consequence

J. Behav. Dec. Making, 27, 395–407 (2014)
DOI: 10.1002/bdm

M. Gong et al.
events related to technological and natural hazards and has published
widely in these areas.
Elke U. Weber is a Jerome A. Chazen Professor of International
Business at Columbia University, where she also holds professor-ships
in Psychology and the Earth Institute and co-directs the Center for the
Decision Sciences and the Center for Research on Environmental
Decisions. She is past president of the Society for Judgment and
Decision Making, Society for Neuroeconomics, and Society for
Mathematical Psychology. Her PhD in 1984 is from Harvard
University. Her research is on decisions under uncertainty and time
delay, at the intersection of psychology and economics, with applications to ﬁnancial and environmental decisions.

Copyright © 2014 John Wiley & Sons, Ltd.

Coordination Games

407

Authors’ addresses:
Min Gong, Altisource, Winston-Salem, NC USA.
David H. Krantz and Elke U. Weber, Center for Research on
Environmental Decisions, Columbia University, New York, NY
USA.
Geoffrey Heal, Columbia Business School, Columbia University,
New York, NY USA.
Howard Kunreuther, Wharton School, University of Pennsylvania,
Philadelphia, PA USA.

J. Behav. Dec. Making, 27, 395–407 (2014)
DOI: 10.1002/bdm

